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Prediction method of train delay time
in technology service station
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Abstract: Accurately forecasting the technology service station train delay time can not only be
used for the station warning technology, but also set aside time for the station to arrange train
route,as far as possible to ensure the goods to the deadline, so it is important to improve the abil-
ity of technology and market of railway freight station with guarantee. This paper analyses the
train delay situation and the main influencing factors of technical station train delay. The GM (1,
2) model is used to predict the train delay time and the Markov matrix is used for error correction
in order to make sure the range in which the error lie, we can make the prediction in a short term
be in the prediction interval by predicting and revising over and over again. In the meantime, we
use RBF neural network(NN) to increase the training data by interpolating to predict the delay
accurately and the average error is kept be-low 3%. Finally, the advantages and disadvantages of
the two forecasting methods are analyzed and compared and we point out the application scope of

the prediction method severally.
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Tab.1 Railway trains focus on control of realistic

H M B /h e 1 31 7 5L 2355 754 W B B TUI A/ B MXTRZE/ % FTAEIXE
1H 25.5 11 64 25.50 0

2 H 29.5 13 77 26.22 —11.11 1
3 H 17.0 8 66 19.98 17.51 3
4 H 21.5 11 67 23.23 8.06 1
5H 13.0 10 56 14.69 13.02 3
6 H 25.0 14 61 26.94 7.76 2
7H 17.0 10 67 21.46 26.24 3
8 H 21.5 11 66 22.86 6.34 2
9H 10.0 10 64 11.15 11.47 3
10 H 15.5 9 62 19.43 25.35 3
11 H 41.5 19 59 34.45 —17.00 1
12 H 24.5 14 61 26.98 10.13 3
13 H 35.0 16 59 29.86 —14.69 1
14 H 28.0 15 71 29.42 5.08 2
15 H 24.5 13 62 25.54 4.25 2
16 H 19.5 10 68 21.50 10.24 3
17 H 19.0 14 65 20.35 7.08 2
18 H 24.0 19 67 25.18 4.92 2
19 H 34.0 14 63 27.16 —20.11 1
20 H 44.0 24 66 42.74 —2.86 2
21 H 33.0 14 63 27.16 —17.69 1
22 H 27.5 15 68 29.15 6.00 2
23 H 26.5 14 70 27.80 4.91 2
24 H 31.5 15 60 28.42 —9.77 2
25 H 18.5 11 54 21.75 17.58 3
26 H 35.0 20 69 36.89 5.41 2
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Tab.2 Prediction results of Grey Markov model

H 19 B KRR PR IR R
M 1] /h FRIAE/ b T X 1]
27 H 48.5 37.70 [38.16.53]
28 H 27.5 28.69 [22.95,31.8]
29 H 37.5 32.03 [25.62,35.59]
30 H 27.0 29.15 [26.5,32.39]
31 H 11.5 11.71 [10.65,13.01]
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